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Abstract. Metacognitive competencies related to cognitive tasks have been 
shown to predict learning outcomes. Less however is known about how meta- 
cognitive competencies can enhance the retention and progression of learners in 
Further Education. This study provides evidence from Performance Learning 
(PL) and its intelligent system PLEX, PL’s proprietary technology, to show how 
learners’ self-reports on meta-cognitive dimensions can be used as predictors of 
learner retention and progression within the learner’s course/s. The results con-
firm the predictive potential of PLEX technology in early identification of met-
acognitive competencies in learning and helps learners with developing effec-
tive remedies to enhance their retention and progression levels.  
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1 Introduction 

It is estimated that artificial intelligence (AI) has potential to contribute US$13 trillion 
to the global economy by 2030, amounting to 1.2% additional GDP growth per year 
[1]. One of the areas that AI opens up new application domains in is the field of edu-
cation, by radically increasing learner performance and productivity [2]. Current ap-
plications of AI in the education sector aim mostly at areas such as teacher effective-
ness, and student engagement via tutoring systems [3, 4]. However, the use of AI to 
identify learners at risk of underperforming, or failing to progress, in their studies is a 
neglected area of investigation, particularly as far as disadvantaged groups are con-
cerned. Yet, the ability to identify such learners, and intervene in ways that support 
their academic performance, is of critical importance for the learners themselves [5] 
and for society [6, 7], as well as for the educational institutions where those learners 
are enrolled [8]. 

This paper addresses this gap. We analyze the use of AI technology to identi-
fy learners at risk of underperforming academically, in order to enable early interven-
tion. Specifically, we consider the PLEX tool, which assesses learners’ along 27 psy-
cho- behavioral dimensions that impact on learners’ academic performance, and clas-



sifies them in one of five different levels of academic performance risk. Then, using a 
case study methodology, we report on the use of this technology at a further education 
(FE)1 college in north of England. Based on data collected from 536 learners at the 
start and the middle of the academic year, the educational institution developed inter-
ventions to support student outcomes and retention, which were cost effective and 
addressed the needs of specific learners. This resulted in the educational institution 
identifying £60,000 in cost savings within two academic terms. Furthermore, the insti-
tution decided to embed PLEX in the induction process and extend it to all learners, to 
support their wellbeing, while achieving additional costs savings. We discuss how 
other institutions might benefit from the use of AI technology to identify learners at 
risk of underperforming. 

2 PLEX: An Intelligent Tool to Assess Cognitive and 
Behavioral Risk 

PLEX is a multiple-choice assessment tool, developed by a UK based venture, Per-
formance Learning Education, based on coaching principles, and which has been ap-
plied, refined and validated through application on more than 60,000 learners. The 
tool assesses learners along 27 psycho-behavioral dimensions which impact on learn-
ers’ academic performance, by affecting: (i) the process for learning information, (ii) 
the perception of the institution where they are enrolled, (iii) the perception of their 
own academic performance, and their own meta cognitive abilities, and (iv) their de-
sired school and professional outcomes. PLEX is distinct from other learning assess-
ment tools in that it considers multiple factors (Table 1), and it also detects the reasons 
for underperformance. 

The “metacognitive domains” items identify the presence of factors that hin-
der the learners’ ability to perform academically. While the absence of these factors 
does not ensure better class engagement, and does not guarantee academic success, 
their presence hinders learning [9]. These items are hygiene factors which can prevent 
or enable academic success. In order to scaffold the learners’ academic success, these 
barriers must be identified and removed. However, removing these barriers will not be 
enough to guaran- tee academic success. For that end, it is also necessary to improve 
learners’ perceptions [10]. The “perceptions” items assess the learners’ attitudes to-
wards various dimensions of learning. While the absence of these items does not im-
pact on learners’ ability to learn, it will impact on their drive to learn. The presence of 
positive perceptions towards specific learning dimensions is critical for academic 
success. Therefore, the “perceptions” are motivating factors, which driver academic 
success. Once the scaffolding has been established by removing the metacognition 

                                                           
1 Further education colleges are educational institutions whose courses focus 
on job specific skills, and are often designed in collaboration with local em-
ployers. Some courses are designed as pathways into university degrees. Fur-
ther education degrees tend to be more affordable than university degrees, 
with smaller class sizes.  



barriers, the negative perceptions must be identified and addressed, in order to build 
the walks of the learners’ academic success. 

PLEX’s questions are designed to elicit self-assessment from the learners, 
which has advantages over assessment by a third party (e.g., teachers) [9]. The an-
swers are used to calculate the overall risk level for each learner, with learners being 
classified into one of five alert levels, from “no alert” to “severe alert”. The higher the 
alert level, the higher the risk that the learners’ emotions and behaviour will impact 
their classroom engagement and performance, as well as their academic success.  
 

Table 1. Dimensions that contribute to the overall PLEX result 
Metacognitive domains Perceptions 

1. Sleep & Tiredness 
2. Retaining & Recalling Information 
3. Test Anxiety 
4. Focus & Motivation 
5. Organization & Time Management 
6. Stress & Strain 
7. Confidence 

1. Towards Effort & Determination to Work 
2. Towards Learning 
3. Readiness to Learn 
4. Towards Subject Demands 
5. Towards the Institution 
6. Towards Self 
7. Towards Showing Up to Learn 
8. Towards Tutors/Lecturers 

 

3 The Case Study 

During the academic year 2019-20, the PLEX assessment tool was used to calculate 
the ability and readiness to learn of pupils at a medium-sized FE college located in the 
North of England, and henceforth referred to as The College. The College serves geo-
graphical areas which rank among the top 1% in England for multiple deprivation.  
563 learners undertook the PLEX assessment at the start and middle of the academic 
year. The second assessment took place before the UK government announced lock-
down measures to contain the Covid-19 pandemic2. All learners in the tested pool had 
some cause for concern in terms of risk factors related to academic performance and 
retention (Table 2). Some learners (10.7% in Assessment 1 and 18.3% in Assessment 
2) displayed behaviors and attitudes that did not, at the moment, prevent them from 
achieving academic success (e.g., completing their degree). However, they faced bar-
riers that prevented them from achieving a higher-grade range. More worryingly, the 
majority of the learners were at a moderate or above risk of failing to succeed aca-
demically.  

                                                           
2 See http://www.legislation.gov.uk/uksi/2020/350/contents/made/data.htm 

http://www.legislation.gov.uk/uksi/2020/350/contents/made/data.htm


Table 2. Overall Alert levels 

 
    

   In between the two assessment points, there was a decrease in the number of learn-
ers in the moderate alert level, and  an increase in the Low Alert category. This sig-
nals that there was an improvement in the underlying behaviors and attitudes that 
support academic success for these learners. However, as the academic year pro-
gressed, there was also an increase in the number of learners in the high and severe 
alert levels. The College was facing a heightened risk that their learners would under-
perform in academic assessment. Moreover, there was also an increased risk that 
learners would fail to progress in their studies, or even complete their degrees [11]. 
   More than three quarters of the learners displayed problems in terms of the founda-
tional behaviors and ability that scaffold academic success. Table 3 shows that learn-
ers were at significant disadvantage at the start of the academic year, as they lacked 
basic techniques for academic success. 
 
Table 3. Alert levels for Metacognition Domain – Assessment 1 

 
 
   In assessment 2, there had been a slight improvement in alert levels for the meta-
cognition domain. As per Table 4, around half of the learners were now reporting high 
levels of test anxiety and problems with organization and time management skills. 
While half of the cohort was still struggling on these dimensions, there was a signifi-
cant improvement for “test anxiety”, and for “organization and time management 
skills”, respectively. Unfortunately, progress on other foundational skills such as 
“Sleep & tiredness”, “Stress & strain”, and “Confidence” was negligible. Moreover, 



the scores for “Retaining & recalling information” and “Focus & motivation” show a 
degradation of the situation in terms of these essential skills for academic success. 

 
Table 4. Alert levels for Metacognition Domain – Assessment 2 

 
 

   In summary, in the period under analysis there was a slight improvement in the 
overall score for meta-cognitive skills of learners at The College (Figure 1). 

 
Figure 1. Change in alert levels for Meta-Cognitive domains 

 
   The PLEX results for learners’ perceptions show a mixed picture in terms of the 
motivational factors that drive learning and academic success. In the assessment con-
ducted at the start of the academic year (Table 5), a significant number of learners 
were in the high-risk category. In particular, the negative attitudes “Towards Subject 
Demands” and “Towards the Institution”, required urgent and moderate attention, 
respectively. Attitudes for “Readiness to Learn” and “Towards Tutors/ Teachers/ 
Lecturers” were polarized, with 21% of learners and 25% of learners, respectively, 
requiring urgent attention because they were in the high alert levels. However, 72% 
and 57% would demand only low attention for these two dimensions, as they were 
deemed to be on the low alert levels. Thus, different groups in The College would 
require very different interventions. If The College were to adopt a blanket interven-
tion, it would fail to meet the needs of a significant proportion of learners.   
 



Table 5. Alert levels for Perceptions – Assessment 1 

 
 

   Learners’ self-perceptions deteriorated during the academic year (Table 6). In as-
sessment 2, there was an increase in the proportion of learners requiring urgent inter-
ventions across all but two perceptual dimensions. Moreover, there were now 1% of 
learners requiring extremely urgent intervention across all perceptual dimensions. As 
the academic year progressed, many learners developed negative perceptions “To-
wards Self”, “Towards Subject Demands”, “Towards Learning”, “Towards Effort & 
Determination to Work” and “Towards Subject Demands”. When learners develop 
such negative perceptions, they are less likely to challenge themselves, or to try new 
approaches to problem solving. They may also be less resilient in the face of structur-
al or temporal challenges, such as economic deprivation or a change in employment 
status. As a result, these learners’ academic performance may suffer, and some may 
even consider abandoning their studies. 
 
Table 6. Alert levels for Perceptions – Assessment 2 

 

 
 
   The results for assessment 2 also show an improvement in the “Towards the Institu-
tion” and “Towards Tutors/ Teachers/ Lecturers”. These indicate an increased appre-
ciation of the institution and of teaching staff. However, overall, there are still signifi-
cant numbers of learners in the high alert levels – 48% for the “Towards the Institu-
tion” category, and 25% for the “Towards Tutors/ Teachers/ Lecturers” one. Hence, 
between one quarter and one half of the learners still require attention in these two 
categories. The proportion of learners requiring moderate or above levels of attention 
is even higher for the other perceptions’ categories. 
   In summary, as the academic year progressed, overall learners’ self-perceptions 
deteriorated, indicating a decrease in the drive to learn and, hence, academic success. 
Moreover, the results showed increased polarization in learners’ perceptions. To ad-
dress this polarization, The College developed and applied targeted measures, reflect-
ing the needs of different groups of learners.  



4 Discussion and concluding remarks 

The analysis of the metacognition and perception profiles of learners at The College 
described in the previous sections, provides insight into the causes behind the increase 
observed in the number of learners in the high and severe alert levels. The PLEX 
technology shows that this result occurred because a) while there was an improvement 
in the barriers to learning, the overall level is still very high, meaning that many 
learners faced metacognition challenges that prevented them from learning; and b) 
there was a deterioration in 6 drivers for academic success, meaning that many learn-
ers found it difficult to recover from setbacks, and lacked motivation. 
   The PLEX technology helped The College develop a range of interventions address-
ing the contextual and personal obstacles faced by the learners. Through the identifi-
cation of learners in different risk levels, and the nuanced understanding of the causes 
of underperformance, The College could prioritize their interventions, and target their 
support, working with learners to overcome the obstacles that they faced. The initia-
tives developed, based on the PLEX data, resulted in lowered program withdrawals, 
improved learner outcomes, and increased overall satisfaction. Moreover, The College 
reported savings of up to £60,000. The costs were calculated based on the assumed 
savings associated with the retention of learners deemed at risk, which under normal 
circumstances have higher instances of early withdrawal or non-completion of Study 
Programmes. The resulting withdrawals would not only have a significant detriment 
to the individual learners and their prosperity, but consequently decrease the institu-
tions retention factor and its learner volumes in the lagged funding model. In addition 
to this, there were also assumed savings factored into the associated costs with delays 
to identification and triaging of learners wider pastoral support needs. 
   The role of enabling and motivational factors in supporting learners’ academic per-
formance is well understood in the literature. Therefore, many educational institutions 
adopt some form of program to support their learners’ development, over and above 
the teaching of subject topics and the preparation for exams. However, many educa-
tors lack the ability to diagnose the presence of such factors, given the lack of readily 
available, standardized definitions of metacognition and perceptions, and the interde-
pendency between these dimensions [12]. Moreover, in the absence of historical data 
connecting metacognition and perceptions on the one hand, and learners’ performance 
on the other, it is not possible for educators to predict the impact of the former on the 
latter. Consequently, despite the recognized individual, social and organizational costs 
of academic underperformance, many educating institutions are unable to offer target-
ed, cost-effective support for their learners, which improves academic outcomes and 
student retention.   
   Using AI technology, PLEX offers a standardized tool of diagnosing learners’ risk 
levels, based on their performance across 7 metacognition domains and 8 perceptions, 
as outlined in this report. This tool, which has been extensively tested and refined 
over the past decade, enables educational institutions to diagnose problem areas, and 
to prioritize their interventions (e.g., depending on the type of perception requiring the 
most urgent intervention). Moreover, the insight obtained via the PLEX assessment 
supports the development of customized interventions that addresses the specific 
needs of different leaners (e.g., focused on metacognition domains for some learners, 
but focused on perceptions for others). The type of proactive, targeted interventions 



enabled by PLEX’s data, delivers significant financial benefits for educational institu-
tions, while supporting learners’ academic success, and contributing to the local 
community. 
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