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1 Introduction

Recent industrial systems are becoming more expensive and complex, leading to increasing demand for
reliability and safety. The so-called faults, generated when the characteristic attribute or parameter
of the system deviates from the standard condition, would potentially lead to a severe threat to the
industrial systems reliability and safety. Thus, giving rise to fault diagnosis requirements issues (e.g.,
fault detection, fault estimation, and fault isolation). As an advanced fault diagnosis technique, the main
idea of fault estimation is to estimate the size and type of the encountered fault signal. Such a technique
is of great importance for online fault-tolerant control and real-time decision-making. In recent decades,
the problem of fault estimation has attracted significant attention, and many studies have been reported
in the literature, see e.g., [1-8].

Model-based fault estimation is one of the most investigated fault estimation techniques developed
based on various observer techniques, such as the adaptive observer technique [9], sliding mode observer
technique [10-12], and other observer-based techniques [13,14]. Among these techniques, the unknown-
input-observer-based (UIO-based) fault estimation is an effective scheme aimed to generate the desired
estimates by decoupling the undesired disturbances/uncertainties from the estimation process, thereby,
reducing/eliminating the effects of such disturbances/uncertainties on the estimation performance. So
far, UIO-based fault estimation method has received research on systems subject to an unknown input
(e.g., disturbances or uncertainties) [15,16].

In practical applications, the dynamical behaviors of certain systems may suffer from switching changes,
whose properties are often modeled by Markov processes. Markovian jump systems (MJSs) are usually
used to model these systems. The corresponding research results have been widely applied in different
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engineering fields, such as power systems, communication systems, and aircraft control, see e.g., [17-
22]. Compared with other systems without switching features, the fault estimation for MJSs is more
challenging since the estimation performance depends on the switching behavior. It should be mentioned
that Most of the existing results about MJSs consider the control and filtering problems, while the fault
estimation issues of MJSs have gained little attention, that is due mainly to the difficulties in performance
analysis on the fault estimation. Thus, the motivation of this study is to shorten such a gap.

Most existing fault estimation schemes are typically designed as the time-triggered ones, where the
signal transmissions between the system and estimator are triggered once the measurements are generated
by sensors, thereby, leading to a heavy communication load. An attractive alternative way is to design
the fault estimation scheme based on an event-triggered nature, where the signals are only transmitted
when necessary to achieve better resource utilization efficiency. Such kind of signal transmission scheme
is called event-triggered transmission. It is an on-demand non-periodic signal transmission method to
reduce the transmissions over the network while ensuring satisfactory system performance. The core
idea of the event-triggered strategy is to design a reasonable event generator to determine whether the
current signal sampled by sensors should be transmitted or not. Thus, the event-triggered transmission
scheme is undoubtedly an effective solution to reduce energy consumption and has been widely used in the
analysis/design of various systems. Recently, event-based fault diagnosis issues have attracted significant
attention [23-30]. Among them, the event-triggered fault detection issues for nonlinear network systems
with time-delay has been studied [23]. In [24], an event-triggered mechanism has been introduced to
save resources in dealing with the problems of fault detection and fault isolation for discrete-time linear
systems. In [25], an event-triggered mechanism has been comprehensively investigated on multi-target
fault detection, isolation, and control.

It is worth noting that the static event-triggered mechanisms are widely used, where the triggering
thresholds (or threshold parameters) are constant values. The static event-triggered mechanism could
lead to unnecessary data transmissions. Recently, the so-called dynamic event-triggered mechanism has
attracted significant attention [31-36]. Among them, the dynamic event-triggered mechanism has been
introduced and studied for continuous-time nonlinear system [33]. It is shown in [34,35] that the fault
detection problems for network systems have been investigated. In [37], the triggering frequency under
dynamic event-triggered mechanisms is significantly reduced compared with the static event-triggered
case. Thus, energy utilization is efficient. The dynamic event-triggered mechanisms further reduce the
system’s triggering times and improve the energy utilization efficiency compared with the static event-
triggered cases. Therefore, it is a natural idea to introduce the dynamic event-triggered mechanism into
a broader application prospect. However, as far as we know, the dynamic event-triggered mechanism has
not received enough attention to fault estimation issues.

Motivated by the above studies, we aim to address the UIO-based fault estimation problem for discrete-
time MJSs with time-delay under dynamic event-triggered schemes. The main contributions of this paper
are highlighted as follows:

(1) The fault estimation problem is, for the first time, investigated for discrete-time MJSs with time-
varying delay under dynamic event-triggered schemes.

(2) A novel UIO-based fault estimator is designed to ensure satisfactory fault estimation performance
subject to the unknown fault signal.

(3) Sufficient conditions are obtained to guarantee the existence of the desired estimator.

(4) The required estimator parameters are derived by solving a convex optimization problem.

2 Problem statement

Consider the following class of discrete-time-delay Markovian jump systems

Ty1 = Ag, Tk + Arg, Ti—r, + Bo,wi + Eo, fx
Ye = Co,wk + Do, Vi (1)
T = Pk, ke [—’7',0]
where xp, € R™ is the system state; y; € R™ denotes the measurement output; wy € R™ and v, € R™

represent the process and measurement noises, respectively; fr € R™f stands for the fault to be estimated;
7 denotes the time-varying delay; o is the initial condition in [—7,0], where T is positive integer. It
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is assumed that the process noise wj and the measurement noise vy belong to l[0,+00). {0;} is a
discrete-time homogeneous Markov chain taking values in a finite state space S = {1,2,--- , N} with a
transition probability matrix II = [m;;], for 6 =14, Ox+1 = j, and one has

Ti5 = PT{9k+1 = ]|6k, = ’L}
where m;; 2 0,V 4,5 € S and Zjvzl mij = 1. We denote the matrices associated with 6 =14 € S by

Ag, & A, Ao, = Ari, By, = By,
Ey, £ E;,Cp, = Ci, Dy, = D;

where A;, A, By, F;, C;, D; are all known real constant matrices with appropriate dimensions.
Assumption 1. |Jwglleo < di1, ||Vk]|oo < d2, where dy and dg are known positive constants.
Assumption 2. rank(E;) = rank(C;E;), rank(EI CT, I) = rank(EX CT).
Assumption 3. 7 is time varying and satisfies 0 < 7 < 7 < 7, where 7 and 7 are constant positive
scalars representing the upper and lower bounds, respectively.
Remark 1. As is widely known, the phenomenon of time-delays happens in many real systems, and
in the past few decades, a great number of results have been reported in the literature concerning the
research on time-delay systems, see e.g. [38—46]. In this work, in order to make our research more general,
we consider the fault estimation problem for time-delay systems. Note that the results of our work can
be easily extended to the delay-free systems by setting 7 =7 = 0.

In this paper, the signal transmissions between the fault estimator and the plant are implemented via
a communication network with limited network bandwidth. In order to avoid unnecessary signal trans-
missions and reduce the communication burden, in this work, the signal transmissions are implemented
according to an event-triggered manner. A so-called dynamic event-triggered mechanism is put forward
to cope with the problem, which would determine whether the current measurement signal should be
transmitted or not. The triggering instants are determined the following triggering condition

1
ts+1 = min{klk > ts, 57716 40— egak <0} (2)

where k is the sampling instant, £k =0,1,...,00; t; and tsy; are the triggering instants with s =
{0,1,2,...} denoting the triggering period, and the initial triggering instant ¢, = 0; o and 6 are given
event parameters, which are positive scalars; ¢ is defined by &, = yr — 3., which represents the error
between the current sampled-data and the latest triggered sensor data; y; and y:, represent the current
sampled-data and the latest triggered one, respectively. Once the event-triggering condition (2) is satis-
fied, the event generator releases yy to the communication channel and store y. as y;,,,; otherwise, the
corresponding sampled data packet is discarded purposely; 7 is an internal dynamical variable satisfying

Ne+1 = M + 0 — €4 € (3)

where A € (0,1) is a given constant and 7y > 0 stands for the initial condition.

Remark 2. We are aware that the triggering thresholds of the static event-triggered mechanisms are
preset constant values, which probably cause unnecessary data processing. However, the thresholds of the
dynamic event-triggered mechanisms can be dynamically adjusted according to the system. In this case,
the triggering times can be further decreased on the basis of the static type so as to save more system
resources. From (2), it is obvious that when the parameter 6 tends to infinity, the triggering condition
(3) becomes the static one.
Remark 3. According to the triggering schemes (2)-(3), we have gnp+o—efep 2 0, M1 = (A—5)mi =
2 (A= %)’”1770. Obviously, the internal dynamic variable n, > 0 for all k > 0 if g > 0, A\ > 1,
which guarantees o — 5£€k > 0. Therefore, the triggering times are reduced and the energy can be saved
potentially.
Based on the transmission of the event-triggered mechanisms, the signal receiver can be modelled as
follows

Uk ZYi,, k € [ts,tsy1) (4)
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where 7 is latest available observation of fault estimator at time step k; ts denotes the event-triggered
transmission instant and [ts,ts41) is the holding interval.
Based on this, an UIO-based fault estimator is constructed as follows
zet1 = Fizi + Frizi—r, + Kik + Krik—r,
Try1 = 2k+1 + Hilk+1 (5)
e = Mi(Gr+1 — CiAidy, — CiAriTi—r,)
vyhere zr € R"= is the filter state; yr € R™7 denotes the received signal; Z; € R™= is the estimation of x;
fir stands for the fault estimation. The matrices F;, Fr;, K;, K;, H;, M; are the filter parameters with

appropriate dimensions to be designed later.
Let ey = x — . It follows from (1) and (5) that

€kl =Tyl — Tpa1
=apq1 — (Fize + Frizp—r, + Kk + Krik—7,,) — Hilk 11
=ap1 — Fi(@r — Hik) — Fri(@h—ry, — Hik—r,) — KiOk — Krifk—r, — Hilkta
=ap1 — Fi(op —ex) + FiHigy + FriHig—7, — Fri(tp—r, — €k—z,) — Kilk
— Kri—r, — HilJkp1
=xp4+1 — Fizg + Fiex + FiH gy — FriZgp—r, + Frieg—r, + FrilHiGp—r, — KiJg
- KriYk—r, — HilJy1- (6)

where 75 can be rewritten as
Yk = Yk — Ek- (7)
Let
K; =K + Ki2, K;i =K1+ Kria. (8)
Substituting (7)-(8) into (6) yields

ekt1 =Trr1 — Fizyg + Fiex + FiHg — Frivp—r, + Frieg—r, + Friligp 7, — (K + Ki2)
X U — (K7i1 + Krio) Krie—7, — HilJkt1
=Fiep + Friep—r, + Tp11 — Fiogy — Frivp—r, — K Or — KritGe—r, + (F;H; — Ki2)
X G + (FriH; — Kri9)Uk—r, — Hill11
=Fiep + Frieg—r, + Tpq1 — Fizgp — Frivp—r, — K (yr — ex) — Krit (Yo—rp — €k—73.)
+ (FiH; — Kio)y + (FriHi — Kri0)Uk—r, — Hi(Yrs1 — €x11)- 9)

Observing (1), we can rewritten (9) as

ex+1 =Fiex + Friep—r, + 241 — Fixy — Frizp—r, — K (Cizg + Divg — ) — Krin

X (Cixg—r, + Divg—zy, — €—z,,) + (FiH; — Ki2)J + (Fril; — Kri2) Uk,
— Hi(Cixpq1 + Divigyr — €xv1)

=Fiep + Friep—r, + (I — H;C;)(Aizr, + AriZi—ry, + Biwi, + Ei i) — Fixy
— Frizp—r, — KinCizp — K Divi + Kijier — Krin Cizg—ry, — Krin Divi— o,
+ Krinep—r, + (FiH; — Kig)yn + (Frili — Krio)Ug—7, — HiDivg 1 + Higp 1

=Fier + Friep—r, + (I = HiC))A; — KinC; — Fy)xp + (I — H;C;)Ar — K1 C;
— Fri) v, + (I = HiCi)Biwy, + (I — HiCy)E; fx + (FiHi — Kio) 4 + (FriH;
— K i2)Uk—m, — Kin Divy — Krin Divie—r, — HiDiviy1 + Kiner, + Kriiep— o,
+ Higpy1- (10)

Noting H,C; E; = E;, we further have

er+1 = Iep + Friep—r, + ((I - H,C))A; — KnC; — Fi)xk + ((I - H,Cy)A: — K.nC;
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— Fri)xp—r, + (I — H;C;)Biwy, + (FH; — Kio)yr + (FriH; — Krio)Uk—r, — Kit
X Divy — Krj1 Divg—q, — HiDivgp 1 + Kjep + Krji€p—ry, + Higpq1. (11)
Thus, the state estimation error ey is fully decoupled from fault fi, which implies that the attenuation
of disturbance v, and wy, plays an important role in guaranteeing the estimation performance.

It is noted that, since H;C;E; = E;, the equation (10) can be solved when rank(C; E;) = rank(F;), the
matrix H; can be calculated by

H; = E;[(C;E)T (CiE)] (G, E;)T . (12)
In view of (1), (5) and (11), we have
& = M;i(yr+1 — ex+1 — CiAiZy — CiAriZp_r,)
= M;(Cyzpr1 + Divisr — ens1 — Cididy — CiAyidnn,)
=M, (Ci(Aizk + Arizp—r, + Biwi + Ei fi) + Divig1 — erqr — CiAidy — CiAridn—r,)
=M;(C;Aier + CiAriep—r, + CiBjwi + CiE; fiy + Divy1 — €g41)- (13)

In the case of M;C;E; = I, we rewrite fk as
fr = MiCi Ajer, + M;CiArien—r, + M,CiBiwy + fr + M;Divgq1 — Miggy. (14)
Let fk = fk — fx. We have
fr = MiCiAser, + M;CiArier—r, + MiCiBiwy, + MiDivyy — Miggi1. (15)

It is easy to find from our developed filter (5) that the estimation error on the fault signal is independent
on f by setting M;C;E; = I. The rationality of such a setting is to guarantee that the fault estimation
performance is completely unimpeded by the fault signal (which might be unbounded). Note that the
condition M;C;E; = I holds if and only if rank(E] CI,I) = rank(EFCI). As such, according to
Assumption 1, the value of the matrix M; can be calculated by

M; = [(CiE)T(CE)] O E)T. (16)
Moreover, the interpretation of the exponentially ultimate bound is introduced in the following defini-

tion.

Definition 1. The solution of the system (10) is said to be exponentially ultimately bounded in mean
square if there exist constants @ > 0, 0 < 8 < 1 and [ > 0 such that

E{|lex]|?} < aff + 11, and lim I, = 1. (17)
k——+oco

It is obvious that, with Assumption 1, the fault estimation error fk is bounded if and only if ey is
bounded. At this regard, the main objective of this paper is to design a fault estimator in the form of
(5) such that the estimation error is exponentially ultimately bounded and the design of the estimator
gains satisfy (17).

3 Main results

In this section, sufficient conditions are established to guarantee the stability and exponentially ultimately
bounded constraints on the estimation error of state and fault. Before proceeding further, the following
parameters are introduced firstly.

Consider the estimator (5) for the system (1) with fault and event-triggered measurements. If (8) and
the following relationships hold
Ei = HiCiEi
T,=1- H;C;
F,=A; — HiC;A; — KnC;
Frin = Ay — HiCiAr — K7 C;
K = F;H;
Krio = FriH;
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then the state error estimation (11) reduces to

er+1 = Ier + Friep—r, + T Bjwy — Ky Dy — KrjDivg—r, — HiDivg 1 + Kjiep
+ Krit€kh—r, + Hicpp1 (19)

where F;, Fr;, T;, K;1, Kr41, H; are parameters to be designed.

Theorem 1. Consider the system (1) with the given parameters A, 6 of the dynamical event-triggered
mechanism (2)-(3) and the gains K; (i = 1,2,--- , N). The estimation error system (15) is exponentially
ultimately bounded if there exist positive scalars p, g, positive definite matrices P; € R™*" (j =
1,2,---,N), Q € R"*" and positive scalars x; (j =1,2,---,5) satisfying

Ei q)z .
= ‘<0, i=1,2,---,N (20)
where
—P+(1+741Q 0 0 0 0 |
* -Q 0 0 0
Elé * * A11 0 O
* * *k A22 0
* e D
1 AdpA—1)+147—
Ayy £ diag{—riT, —ral, —is T, —al, =22 o1 s T}, Ay 272 i >0+( T oD,

T — — — — — —
o, £ [‘1%‘1 ‘1%‘2} , O = {PiFi PF.; PT;B; —P,KnD; —P,K:inD; —PH;D;
N
Dy £ [*R’Ku —P; K- PiH; 0 0} , P A P,
j=1
N 2 2
p= f(p +1+k5(14+ 9)) + Kk1ding + (ke + kg + K4)d5n,.

0
Besides, if the inequality (20) holds, then, the ultimate bound of the error (19) can be given as

7 A Uo
a 21
l T E—Te (21)

with
a é )\max(zi + @i371¢iT)7 bl é max{(l + T— I))\max(Q)v (]- + T — I)q}
be = max{ Amax(P;), g}, by £ ua + (u — 1)by + by 7u”

by 2 max{by (1 +7),ba(1 + 7)}, bs 2 min{Amin(P), g}

Uga + (UO — 1)[)2 + bﬁ'u* =0.
Proof.  Choose the following candidate functional

Vi £ Vig+ Vo

-T

k—1 k—1
Vik £ e Pyer+ Z el Qe + Z Z ¢l Qe
l=k—T4 m=—7+11=k+m (22)

-

k—1 k—1
o+ >, am+ >, > am)

l=k—Tg m=—7+11l=k+m

A
Vo =

S
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The difference AV}, of the system (1) is calculated as follows

E{AV} ;|0 =i} = E{V1 41 — Vi x|0k = i}

k k-1
T T T T
=FE{ep 1P, k1 — ex Poer + E e Qe — E e; Qe
I=k+1—Tg41 I=k—ry,
-z k - k-1
T T .
+ E E e; Qe; — E E e; Qelllr =i}
m=—74+11l=k+14+m m=—7+11=k+m
N k-1
T T T T
=epqq( E i Pj)ert1 — ey, Pieg + ex, Qe + g e; Qe
j=1 l:k‘+177k+1
k—1 -z
T T T T
- § e; Qer — ey, Qeg—ry, + E (e, Qer — ejrm@Qerim)
l=k+1—7y m=—7+1
N k—1
T T T T
e E mi; Pj)ent1 — ey, Piex, + e, Qer, + g e; Qe
j=1 I=k+1—7
k—1 k—1
T T T T
- E e Qer — ek;_-;-erk:—Tk + E (e Qex — €1 Qey)
I=k4+1-1 I=k—7+1
k—1
T B T T T T
=epp1biert1 — e Piep + e, Qe — e, Qeg—ry + E e; Qey
I=k+1—7
k-7
_ T T
+(F-Def Qe — > €/ Qe
I=k—7+1

=ei 1 Persi+ep (—Pi+(1+7—-1)Q)er — €4, Qehr, .

E{AV, ;|0 = i} = E{V3 k41 — Vo r |0k = i}

k k—1 —T k
. -
=g —pmet > am= > am+ Y. Y, aw
l=k+1—Tk41 I=k—Tg m=—7+11=k+14+m
-7 k—1
- ) am)
m=—7+11l=k+m

1 k—1 k—1

=g —pm o+ Y am =g~ Y am
l=k‘+1—7’k+1 I=k+1—7%
-
+ Y (@ — km))
m=—T7+1

1 k—1 k—1

<GPy =P+ @ — @+ Y am - > am
l=k+1—7 l=k+1—71
k-1
+(F-Dam— Y. am)
I=k+1—7

1 _
= 5 (P11 = P+ @ — gz + (7 = T)ami)

1
<5 (O + 0 —efer) —poe + (147 = D)amk = an—r,

+ ()‘7716*7'1« +o— ng'rkgk*‘rk))
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p 1 p+1
=@Mk + 2MNk—7), — gfgsk - gfz—mfk—rk + TU (24)

where

pA=1)+(1+7—1)q A—gq
q1 = 9 , Q2 = 0

Furthermore, by Assumption 1, the inequalities |Jwg|/cc < d1, ||Vk]|sc < d2 can be rewritten as
0
0

2 T
dzny — Vg Ve—z,) 20
0

m(d%nw — wkka) >
Ko (din, —vivg) >

(
(

K3

2 T
Ka(d3ny — Vg Vrt1) 20,

and according the triggering conditions (2) and (3), one has

1
s (541 + 0 — Eh16ht1) =hs( (M + 0 — el er) +0 — ey 18h41)
1 1
:,1@5(577,C — 55{5,9 — €£+1€k+]_ +(1+ 5)0) > 0. (26)

1
0
A

Considering (23)-(26) and noticing (19), it can be known that

E{AVy|0k = i} <(Fiex + Friex—r, + TiBiwy — K Diviy — Krin Diviy—ry, — HiDiviea
+ Kiep + Kritehr, + Hieps1)T Pi(Fyer + Frien_r, + TiBiwy,
— K Divy — KrinDive—r, — HiDivie1 + Kireg + Krirep—r, + Highy1)
el (= Pt (147 - D)Q)ex — e, Qerr,

p 1 p+1
+ @1k + @Nk—7, — 56%8]@ - 05%:%5;6,% + 5

+ k1 (dineg — wi wi) + K2(din, — vive) + ka(dsn, — vi_, vk—r,)

+ ka(diny, — vl k) + ﬂ5(gnk - ésfsk —ef e+ (1 + é)o)
zng(Ei + <I>i]5i*1<1>;fr)§k + %(p +1+rs(1+ 0))

+ /ﬁd?nw + (ko + k3 + /i4)d§nl,

=& (Zi+ P06 +p (27)

where

X T
§ = {gl,k €2,k}
Ep 2 el o T T 0 T T T T or 2 5 3
Lk k Ch—m, Wk Vi V-7, Vi+1 €k €k—7, Ck41] S2k M Me—ry | -
By the Schur complement lemma, the inequality (20) is true if and only if the following condition holds
17

so we further have

E{AVi|0r =i} < allgpl® +p

where

<
ES
(1>
—
)
Eal!
]
ET T
—_
~
—~
w
(=)
~—
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From (22), it can be obtained that

k—1

= 2 2 ~ p
Vk <(1+T+T max lzk:THel” +>\max( Z)Heli?” +(1+T+I)ql:zk;?nl+§nk
k—1
=b1 Y llenll* + ballgw*. (31)
I=k—7
For a given scalar u > 1, we have
uF Vi — VL =" (Vi — Vi) + (uw— DV
k—1
<uF T (allgrl* + p) + (w = Db (br D (lonl® + ballow]®)
l=k—7

=uF (ua + (u—1)ba) || * + (u — 1)u*dy Z ]2 + uF+p. (32)

l=k—7

Let s > 7+ 1 be a positive integer. Summing up % from 0 to s — 1 on both sides of the (32), we have

s—1 s—1
ZE{ukHVkH —uFVi|0k = i} = (ua + (u — 1)bs) Zuk||¢>k||2 + (u—1)h
k=1 k=1
s—1 k—1
XD Z uFlln® + Zuk“
k=11=k—
(33)
By simplifing (33), one has
s—1
s k 2
u'Vy — Vo < (ua+ (u— 1)bs) ;u [l okl +b1 1 m<al>é0\|¢l|| (u—1)
s—1
_ u(l —u®
+ (u—1)by7u” gulHd)zHQ + %p
= u(l —u®)
=b17u” _max ||¢l||2 +bBZuk||¢k||2 1_u °
k=0
(34)

where b3 = ua + (u — 1)(by + by 7u7).

When u =1, b3 = a < 0, and u = +00, b3 = +00, we can acquire a scalar ug > 1 such that b3 = 0.
Thus, we eventually obtain

up(l — ug
||2+ ( O)P.

uo®Vs = Vo < bitug _max |¢y 1
et -

(35)
From (23), it is obvious that
—1
Vo <b lzz_% [@1]|* + b2 bol|* < ba _max (el (36)
where by £ max{(7 + 1)b1, (7 + 1)ba}. Moreover, according to the definition of the Vj one has
Ve > bsllos|? (37)
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where b5 £ min{Amin(P;), 5}. Substituting (36) and (37) into (35), we have

byruf + by ol = uj)
X 2 g 17" T U4 2 — 0 :
ll#sll bsug _Ifngaz)éo ldll”+ bsug (1 — uo)
(38)
Finally, we have
E{le(®)I*} < lléxll* < aB* + 1, and lim 1 =1 o
—+o0

By Definition 1, it is obvious that the error (19) is exponentially ultimately bounded when letting

_ biTuf+by _ 1 _ up(l—ug) . . .
=" 8= b= Trug(I—uy) P Besides, the ultimate bound is

[= lim [ = —20

—p. 4
k—-+o0 b5(U0 - 1)p ( O)

So far, ey has been proved exponentially ultimately bounded already.

For (15), it is easy to see that fk is relevant with ey, ex—r, , Wk, Vk+1 and €x41. Furthermore, note that
wi and vy are bounded, which implies that if the dynamics of e, ex—-, and ey are exponentially
ultimately bounded, then the dynamics of fi will be also exponentially ultimately bounded.

Furthermore, from (31) and (39) it is easy to see that V}, and e are exponentially ultimately bounded.
Considering the dynamical function (2) we have introduced yet, one has

1
gl +0o—cter =0 (41)

ie.,
T 1
EkEkgénk—l—O’. (42)

According to (22), it is obvious that %Wk is exponentially ultimately bounded, for (42) we know that

€k is exponentially ultimately bounded. Thus, we have proved that the estimation error of fault ﬂ is
exponentially ultimately bounded. The proof is now complete.

Based on the performance analysis in Theorem 1, the design method of the observer will be given in
the next theorem.

Theorem 2. Consider the system (1) with the given parameters A, 6 of the dynamical event-triggered
mechanism (2)-(3). The error dynamics (15) is exponentially ultimately bounded if there exist positive
scalars p, ¢, positive definite matrices P; (i = 1,2,--- | N), @, matrices X;, X,; (i = 1,2,--- ,N) and
positive scalars k; (j =1,2,---,5) satisfying

X

* _Pi

- A

<0, i=1,2,---,N (43)

— .
—1

where
r N
Q= [Qil Qi2} , BiEY mP,
j=1
Qi 2 [(PF)" (PF)" (PIB)" ~(X:D)" ~(X:Di)" —~(P.H:D)"|,
Qi 2 [ X7 XTI, (PH)T 00|,
and 3J; is given in Theorem 1. In this case, the required observer parameters are given by

Kin=P 'X;, Kri=P 'X,, i=1,2,--- N. (44)
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Proof. By adopting the Schur Complement Lemma and letting P, K;1 £ X;, PiK,1 2 X4, we can see
that (20) holds if and only if (43) is fulfilled. The proof is now completed.

Corollary 1. For given parameters A, 6 of the dynamical event-triggered mechanism (2)-(3), the error
dynamics (15) is exponentially ultimately bounded if there exist positive scalars p, g, positive definite ma-
trices P; (i =1,2,--- ,N), Q, matrices X;, X;; (i =1,2,---,N) and positive scalars x; (j =1,2,---,5)
such that (43) holds. Moreover, the minimum of the asymptotic upper bound of E{||ex||?} can be obtained
by solving the following optimization problem

min {%(p +14+k5(14 9)) + k1d3ng + (k2 + K3 + /-@4)d§nu} (45)
subject to (43).
Proof.  According to Theorem 2, the results of this corollary are obvious, and thus the corresponding
proof is omitted.

Until now, a desired observer is designed in Theorem 2 such that the system (5) achieves exponentially
ultimately bound under the dynamic event-triggered mechanism (2)-(3).

4 Simulation results

In this section, a numerical example is given to demonstrate the correctness and effectiveness of our
developed estimator approach.

Ezample: Consider a class of discrete-time-delay Markovian jump system described by (1) with the
following parameters:

T o A P R AP

Ay — '0.53 8.2] A = [o.(;n 0.(())2] By =02 ~04],C= |01 02],

B =2 2} By = {1 1.5} Dy =0.1,Dy = 0.2.

Suppose that the discrete time homogeneous Markov chain takes values in a finite state space S = {1, 2}
with a transition probability matrix
0.9 0.1
1= .
0.3 0.7

The time-varying delay is taken as 7, = 2 + sin(kn), from which we have 7 = 3 and 7 = 1. The noises
are given as wy, = 0.1sin(0.5k) and v, = 0.1sin(0.5k), respectively. For the dynamic triggering conditions
(2) and (3), the initial value of the internal dynamic variable is set as 19 = 0, and the threshold is chosen
as 0 = 0.1 and other parameters are taken as A = 0.1, § = 20.

In the simulation, we consider the following piecewise fault:

2.5sin(k), 10< k<20

fr_1 +0.8sin(1.5k), 20 <k < 30

Ju= Fro1 — 1, 30 < k < 40
0, otherwise.

By utilizing the MATLAB LMI Toolbox, a set of feasible solutions of the inequalities (20), (43) are
acquired as follows

Ky = [—0.1875 0.0625] Ky = [1.7438 —0.8719} :

Ky = [—0.0188 0.0063} Ky = {—0.0187 0.0062] .
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Set the simulation runs length to be 60. Based on the derived observer gain matrices, simulation results
are shown in Figures 1- 6. Figures 1- 2 concern the state trajectories and their estimates, respectively.
Figure 3 plots the estimation error trajectory of the state. Figure 4 shows the fault trajectory and its
estimate. Figure 5 displays the estimation error trajectory of the fault. All simulation results confirm
that the estimation performance is well achieved.

In order to show the superiority of the dynamic event-triggered mechanisms, the dynamic triggering
results are shown in Figure 6. From Figure 6, it can be seen that, by introducing the dynamic event-
triggered mechanism, the information transmission is reduced and network resources are saved effectively.

5 Conclusion

In this paper, the UIO-based fault estimation problem has been addressed for a class of discrete MJSs
with time-varying delay subject to the dynamic event-triggered schemes. A discrete-time version dynamic
event-triggering mechanism has been proposed to save energy. The fault estimator has been constructed
based on the UIO method. By adopting an appropriate Lyapunov-Krasovskii functional, sufficient condi-
tions have been established for the desired estimators to guarantee exponentially ultimate bound on the
estimation error. The estimator gains have been calculated by solving a set of matrix inequalities. Final-
ly, numerical examples have been provided to illustrate the correctness and effectiveness of the proposed
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estimation method.

The event-based fault diagnosis problem is still a hot yet challenging research area. Further research

topics include the extension of the main results to the fault diagnosis problem for time-varying systems
subject to the dynamic event-triggered mechanism, which has important theoretical significance and
broad application prospects.
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