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Abstract—In this paper, we develop an energy minimization
framework for wireless-powered multi-access edge computing
(WP-MEC) networks, where two zero-energy reconfigurable
intelligent surfaces (zeRISs) are employed to support energy
harvesting and task offloading. In the downlink energy har-
vesting period, the hybrid access point (HAP) provides energy
beamforming for multiple zero-energy devices and two zeRISs,
where the harvested energy is used to offload tasks in the uplink
period. Specifically, an optimization problem is formulated to
minimize the energy consumption at the HAP, jointly considering
the nonlinear energy harvesting model and the cascaded RIS link.
Next, an efficient iterative solution is designed to realize joint
time allocation, HAP energy beamforming, and reflection coef-
ficients for two-RIS by employing alternating optimization and
semidefinite relaxation methods. Numerical results demonstrate
the superiority of the algorithm. Compared to the corresponding
single RIS setup, the energy consumption of the HAP under the
proposed two-zeRIS scheme is significantly reduced.

Index Terms—Reconfigurable intelligent surfaces (RISs), wire-
less powered multi-access edge computing (WP-MEC), nonlinear
energy harvesting, zero-energy devices (ZEDs), alternating opti-
mization (AO) algorithm.

I. INTRODUCTION

With the rapid development of sixth generation (6G) wire-
less networks, massive immersive and innovative applications,
such as virtual reality, remote healthcare, and smart home man-
agement can be accessed promptly and easily via smart devices
[1]. However, these advanced applications may potentially
result in high power consumption; thus, how to charge the
power-limited devices and tablets flexibly and rapidly presents
a significant challenge in 6G networks. To tackle this difficulty,
wireless power transfer (WPT), which offers a new mode
for zero-energy devices (ZEDs) delivering power without
traditional batteries, has become one strong technical enabler
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[2]. ZEDs harvest energy from the environment and operate
intermittently, eliminating the need for batteries or manual
charging to operate. Unlike information decoding, WPT tech-
nology primarily focuses on effective energy transmission [3],
[4]. It is noted that WPT has been a well-investigated topic
in the last decade, and several fundamental contributions have
been made. Indicatively, the authors in [5] introduced a two-
stage water-filling energy scheduling scheme in an energy
harvesting-driven device-to-device relay network. Moreover,
the authors in [6] investigated a WPT system utilizing a large-
scale antenna array, where the effective range of WPT can
be widely extended. However, due to the significant distance-
dependent attenuation, power-constrained edge devices can
only harvest a small portion of the transmitted energy, limiting
the charging performance.

To support the harvesting process, reconfigurable intelligent
surfaces (RISs), which provide strong energy beamforming
gain by intelligently adjusting the reflection coefficient [7],
were used to reconstruct the wireless channels between the
transceivers and reduce power consumption at the source [8],
[9]. With the help of RISs, not only the network capacity but
also the energy efficiency in WPT networks can be greatly
improved [10]–[12]. The work in [13] analyzed the effects
of reflection coefficient errors and hardware imperfections
in transceivers on RIS-supported wireless-powered Internet
of Things networks. In addition, [14] also used a RIS to
support WPT networks due to the passive beamforming gain
of the RIS. More recently, zero-energy RIS (zeRIS), capable of
absorbing energy from an external energy supply, has attracted
increasing attention in WPT networks [15], [16]. In [15], a
zero-energy RIS is used to harvest energy from a HAP to
sustain its operation. The work in [16] presented an efficient
solution that meets the power demands of energy devices
and RIS in synchronized terahertz information and power
transmission systems. Deploying multiple distributed RISs can
significantly enhance performance compared to a single RIS
[17], the use of double RISs under a cascaded RIS system is
expected to enhance system performance by reducing energy
consumption through the introduction of cascaded reflection
links [18]. However, when the number of RISs increases to
three, the resulting path loss exceeds the beamforming gain
achieved by the cascaded RIS system as a result of the path
loss term’s multiplicative effect [19].

On the other hand, multi-access edge computing (MEC) also
known as mobile edge computing, which enables devices to
offload tasks to edge servers via wireless channels, is another
important technology in 6G networks [20]. In the context of
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RIS-assisted MEC systems, several noteworthy works have
focused on minimizing the energy and operational cost [21]–
[25]. In [21] and [22], a single RIS was utilized to adjust
the wireless propagation environment and enhance transmis-
sion rates in offloading links. With the goal of minimizing
energy consumption across all user equipment (UEs), the
authors in [24] studied a scalable resource scheduling algo-
rithm for unmanned aerial vehicle (UAV)-enabled RIS-assisted
dynamic MEC systems. The security performance of the RIS-
MEC system was discussed in [25], where one RIS was
deployed to strengthen the user’s signal while weakening the
eavesdropper’s signal. Moreover, the latency and throughput
performance in RIS-assisted MEC systems was investigated
in [26]–[28]. In particular, the authors in [27] considered
minimizing the offloading delay by jointly optimizing the
channel allocation, beamwidth allocation, offloading rate, and
power control. To further enhance the offloading capability,
two RISs were deployed to speed up the offloading rate where
the cascaded link between RISs was considered [29].

Embedding WPT in MEC networks is appealing because the
power limitations of edge devices can be well compensated.
The applications enabled by WP-MEC fall into three main
categories: Internet of Things (IoT) networks, wireless sensor
networks, and smart grids. In [30], wireless devices receive
energy through WPT from an AP, enabling them to process the
computational tasks locally or offload them to an edge server.
To achieve additional energy savings, the authors minimized
the HAP’s total energy by jointly optimizing energy transfer
beamforming and computing resource allocation at the HAP.
To realize the self-sustainability of mobile devices, the authors
in [31] integrated WPT into MEC systems and proposed an
energy-saving computing framework. However, when the wire-
less channel between HAP and UE is blocked, the efficiency
of WPT and task offloading in wireless powered mobile edge
computing (WP-MEC) significantly drops [32]. To tackle this
issue, the authors in [33], [34] considered deploying RIS
around the devices to provide additional transmission paths
for wireless power transfer and computing task offloading.
Moreover, the works in [35], [36] verified that deploying RISs
can effectively increase the overall computing rate in the WP-
MEC system.

A. Motivation and Contributions

Although studies on RIS-assisted WP-MEC have been
investigated in [32]–[39], these works have overlooked the
importance of the power consumption used for the reflec-
tion coefficient, which is crucial for understanding the self-
sustainability of WP-MEC. However, if certain devices are
positioned within the signal dead zones, the deployment of
a single RIS cannot guarantee the computation offloading
rate in RIS-assisted WP-MEC networks. While a single zero-
energy RIS has been used in [15], [16] to improve the power
transfer performance, whether the WPT and communication
performance can be further improved, aided by the internal
beamforming gain between two cascaded zeRISs with reduced
energy consumption, has not been thoroughly discussed. In
such cases, the use of multiple RISs for energy harvesting

and task offloading is urgently needed. Moreover, although
multiple RISs were deployed in [40], [41], these works
addressed distributed RISs to assist the energy harvesting
and task offloading, whether the consumed energy can be
further minimized aided by double RISs with cascaded link
is unknown. Unfortunately, the authors in [40], [41] have
overlooked the importance of the power consumption used for
the reflection coefficient, which is crucial for achieving the
self-sustainability of WP-MEC. In Table I, we summarized
the key features of the existing research, and observed that no
previous work has discussed the energy minimization problem
in a WP-MEC system with zeRISs, which motivates this work.

To fill the above gap, in this work, we develop an advanced
WP-MEC framework supported by two zeRISs for zero-energy
MEC networks with higher coverage. However, realizing min-
imizing the energy that is consumed by the HAP despite the
complexity of the considered scenario is challenging. The first
primary challenge in this paper is how to effectively minimize
the HAP’s total energy consumption by jointly optimizing the
time allocation, reflection coefficient matrices for zeRISs ,
HAP energy beamforming in downlink (DL), HAP reception
beamforming in uplink (UL), and device transmit power
allocation in UL, where all variables are strongly coupled
in the optimization. Moreover, since a practical nonlinear
harvesting model is adopted in the DL phase, solving the
beamforming of HAP and reflection coefficient matrices for
the RISs is difficult due to the nonlinearity. In addition,
with cascaded links between RISs, it is more challenging
to solve the corresponding reflection coefficients due to the
strengthened coupling effect. To address these difficulties, sev-
eral mathematical solutions, including alternating optimization
(AO) and semi-definite relaxation (SDR), are employed, and
an iterative energy minimization algorithm is developed. We
highlight the main contributions of this work as follows:

• An energy minimization framework is developed in
zeRIS-aided WP-MEC systems, considering two zeRISs,
the existence of a cascaded zeRIS link, and nonlinear
harvesting model. In the DL energy harvesting period,
the HAP provides energy beamforming for multiple ZEDs
and double RISs, where the harvested energy is used to
offload the task in the UL period.

• To address the non-convex nature of the formulated
problem, we designed an algorithm that iteratively min-
imizes energy by optimizing the time allocation, HAP
energy beamforming, HAP receive beamforming, and
joint reflection coefficients design of two zeRISs variables
via AO, SDR, and mathematical solutions.

• The numerical results confirm the significant benefits of
adopting two zeRISs in WP-MEC systems on energy
minimization. A series of quantitative evaluations and a
comparative analysis with existing benchmark solutions
were investigated.

B. Paper Outline and Notation
The remainder of this manuscript is structured as follows.

Section II provides a detailed discussion of the double zeRIS-
empowered WP-MEC system model. In Section III, we intro-
duce efficient algorithms designed to address the challenges
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TABLE I: Comparisons between this work and relevant literature

Reference RISs Multi-
antenna AP

Nonlinear
energy
harvest

Zero-energy
RIS WP-MEC

[32], [33], [35], [39] × × × × ✓
[34] × × ✓ × ✓
[36] × × × ✓ ✓
[40] ✓ ✓ × × ✓
[38] × ✓ × ✓ ✓
[18] ✓ ✓ ✓ × ×

Proposed ✓ ✓ ✓ ✓ ✓

HAPMEC  Sever

zeRIS 1 zeRIS 2

Wireless power transfer Data offloading
HAP-zeRIS channel 
ZED-zeRIS channel 
zeRIS 1-zeRIS 2 channel 

Fig. 1: Energy-minimization framework in zeRIS-aided WP-
MEC system.

presented in the formulated problems, particularly focusing on
the double zeRISs cooperative system. The numerical results
of these investigations are systematically presented in Section
IV. Finally, we present the conclusion of our research in
Section V.

Notation: Boldface (lower case) x represents vectors, (upper
case) X denotes matrices, and scalars are indicated by lower-
case letters. Let XT , XH , diag(X), and tr(X) represent the
transpose, the conjugate transpose, diagonalization, and trace
of X, respectively. Xi,j denotes the (i, j)-th entry of matrix
X. X1 ⪰ 0 means that X1 is a positive semi-definite matrix.
C and E{·} denote the complex matrix and the expectation
operator. A circularly symmetric complex Gaussian (CSCG)
random vector m is denoted m ∼ CN (m̄,Q), where m̄ is the
mean and Q is the covariance matrix. I represents an identity
matrix.

II. SYSTEM MODEL

As shown in Fig. 1, a zeRIS-aided WP-MEC system is
considered, which consists of a HAP equipped with M anten-
nas embedded with an edge server, K single-antenna devices,
and two zeRISs (each zeRIS is equipped with N elements).
ZeRIS 1 is deployed near the multi-antenna HAP, while zeRIS
2 is positioned near the center of the device cluster, thereby
increasing the overall network coverage. Specifically, in the
DL energy harvesting period, both devices and zeRISs adopt
a nonlinear harvesting model to achieve self-sustainability. The
ZEDs use the harvested energy to offload tasks with the help

of zeRISs in the UL period. This procedure consists of the
following two stages:

• Stage 1: During the configuration stage, the BS optimizes
the resource allocation parameters using a centralized
optimization entity, based on the acquired channel state
information. The optimal values of the resource allocation
parameters are then reported back to the RISs and ZEDs.

• Stage 2: As shown in Fig. 2, the second stage consists
of two different phases, i.e., the wireless power transfer
phase and the computing offloading phase. More details
about the two transmission phases are provided below:

1) During the wireless power transfer phase, the HAP
transmits energy signals to devices and zeRISs. The
zeRISs use part of the signal to perform energy har-
vesting and the rest is reflected to the devices.

2) During the computing offloading phase, each ZED can
use the harvested energy to offload its tasks to the HAP.
Since the devices may lack sufficient energy to perform
local processing effectively, and inspired by [42], we
consider that the power-limited devices offload all task
and the server performs the computation after receiving
it and returns the calculation results to the devices.
Thus, all devices use the harvested energy to offload
tasks to the HAP via single-reflection and cascaded
links.

It should be noted that the two phases of the second stage
are implemented using time-division duplexing, and channel
reciprocity is assumed. Thus, the HAP performs channel
estimation using pilots transmitted by the users in the uplink.
In addition, a different set of RIS reflection coefficients is
optimized for each transmission phase. While this requires
control signaling to update the RIS configurations, the signal-
ing overhead is limited because the RIS elements are adjusted
via a central controller using low-rate control channels, in
accordance with the processes performed in the first stage.

By jointly optimizing the amplitude coefficients and phase
shifts of the RISs, the RISs absorb part of the energy to main-
tain self-sustainability. In contrast, the other part is reflected to
the ZEDs. The information reflection coefficients for the r-th
zeRIS in the UL are given by

θul
r ≜ [βul

r,1θ
ul
r,1, . . . , β

ul
r,nθ

ul
r,n, . . . , β

ul
r,Nθulr,N ]T . (1)

Let

θdl
r ≜ [βdl

r,1θ
dl
r,1, . . . , β

dl
r,nθ

dl
r,n, . . . , β

dl
r,Nθdlr,N ], (2)
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Offloading data
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Edge computing&
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Uplink Model (UL)

Computing offloading

Energy harvesting

Energy harvesting

Energy relaying
Power splitting

Fig. 2: Transmission phase (stage 2).

represent the energy reflection coefficients for the r-th RIS
in the DL, where β

ul/dl
r,n ∈ (0, 1) and θ

ul/dl
r,n ∈ [0, 2π) are

the reflective amplitudes and the phase shifts of the n-th
element of r-th RIS, respectively. Then we have the following
constraint, ∣∣∣βul/dl

r,n ejθ
ul/dl
r,n

∣∣∣ ⩽ 1, ∀n, r ∈ {1, 2} . (3)

A. Channel Model

The equivalent DL channels include the HAP to the r-
th RIS channel Hr ∈ CN×M , the RIS 1 to RIS 2 channel
H1,2 ∈ CN×N , and the r-th RIS to the k-th ZED channel
hH
r,k ∈ C1×N , where r ∈ {1, 2}. We consider that the

obstacles block the direct links between the k-th ZED and
the HAP. Moreover, assuming channel reciprocity and block-
fading, the channel state information (CSI) for both UL
and DL is considered to remain constant within a period
[42]. Regarding the channel estimation, it can be efficiently
performed by using the method presented in [43], which is
appropriate for estimating the cascaded CSI for the proposed
cooperative zeRISs system. In addition, the channel estimation
algorithms in [44] and [45] can be considered for imperfect
CSI. Thus, the equivalent UL channels include the k-th ZED
to the r-th RIS channel hr,k ∈ CN×1, the RIS 2 to RIS 1
channel HH

1,2 ∈ CN×N , and the r-th RIS to the HAP channel
HH

r ∈ CM×N , where r ∈ {1, 2}. Under this configuration,
the channel between the HAP and the k-th ZED consists of
three cascade channels (i.e., HAP→RIS 1→k-th ZED channel,
HAP→RIS 2→k-th ZED channel, and HAP→RIS 1→RIS
2→k-th ZED channel). The latter provides additional degrees
of freedom (DoF), particularly useful in environments with
obstacles [12], [29], [46]. The use of the above links can be
configured by the appropriately designed codebooks that are
utilized by the microcontroller in each RIS. It should be noted
that the cascaded link (HAP→RIS 2→RIS 1→k-th ZED) is
omitted due to its higher path loss [12], [29].

All links are assumed to follow Rician fading [29],where
the channel X ∈ {Hr,H1,2,hr,k}, r ∈ {1, 2} is given by

X =

√
ω

ω + 1
XLoS +

√
1

ω + 1
XNLoS , (4)

with ω, XLoS , and XNLoS being the Rician factor, the line-
of-sight (LoS) component, and the non-line-of-sight (NLoS)
component of the channel, respectively.

Let Θul
r and Θdl

r denote the UL and DL reflection coef-
ficient matrices of the r-th zeRIS, respectively, where r ∈
{1, 2}. Specifically,

Θul
r = diag(θul

r ) ∈ CN×N , Θdl
r = diag(θdl

r ) ∈ CN×N .

Let Ψk and Φk, represent the UL and DL estimated channel
covariance matrices, respectively. Thus, for the k-th ZED, the
UL and DL channel covariance matrices are given by

Ψk = E
{
Ωul

k

(
Ωul

k

)H} ∈ CM×M , (5)

and
Φk = E

{(
Ωdl

k

)H
Ωdl

k

}
∈ CM×M , (6)

where

Ωul
k = HH

1 Θul
1 HH

1,2Θ
ul
2 h2,k +HH

1 Θul
1 h1,k +HH

2 Θul
2 h2,k,

and

Ωdl
k = hH

2,kΘ
dl
2 H1,2Θ

dl
1 H1 + hH

1,kΘ
dl
1 H1 + hH

2,kΘ
dl
2 H2.

B. Wireless Power Transfer

As depicted in Fig. 2, the time allocated to the DL is
T − tc (0 ≤ tc < T ). All devices harvest energy through
the DL channel during the entire WPT phase. RISs employ a
power-splitting (PS) scheme to assist the WPT and modulate
the amplitude reflection coefficients βdl

r,n. The PS scheme
enhances energy harvesting efficiency by allocating part of
the HAP energy signal to maintain the self-sustainability of
each RIS, and the remaining part is reflected to support the
ZEDs [15]. Furthermore, RIS 1 harvests energy through the
channel H1, and RIS 2 harvests energy through the channel
Ĥ2 = H1,2Θ

dl
1 H1 +H2. In the DL energy harvesting phase,

the transmitted signal from the HAP can be expressed as
x =

∑K
k=1 wks

dl
k , where sdlk denotes the energy signal,

and sdlk ∼ CN (0, 1), wk ∈ CM×1. Moreover, the transmit
power of the HAP in DL is represented by E

{
∥x∥2

}
=∑K

k=1 ∥wk∥2, which cannot exceed the maximum transmit
power of HAP Pmax. Hence, we have

K∑
k=1

∥wk∥2 ≤ Pmax. (7)

In the DL, the energy transmitted by the HAP can be written
as

EEH = (T − tc)
K∑

k=1

∥wk∥2. (8)

As a PS protocol is employed in the double zeRIS-aided
energy harvesting model, thus, the received power at the RIS
1 and RIS 2 are

P in
ris,1 =

K∑
k=1

tr
(
wH

k G1wk

)
, (9)

and

P in
ris,2 =

K∑
k=1

tr
(
wH

k G2wk

)
, (10)
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respectively, where G1 = E
{
HH

1 H1

}
, and G2 =

E
{
ĤH

2 Ĥ2

}
. Moreover, the reflected power of RIS 1 and RIS

2 are given by

P out
ris,1 =

K∑
k=1

tr
(
wH

k HH
1 (Θdl

1 )HΘdl
1 H1wk

)
, (11)

and

P out
ris,2 =

K∑
k=1

tr
(
wH

k ĤH
2 (Θdl

2 )HΘdl
2 Ĥ2wk

)
. (12)

Consequently, the split power of the received signal at the
r-th RIS is determined as Pris,r = P in

ris,r − P out
ris,r [16], [47],

i.e.,

Pris,1 =
K∑

k=1

tr
(
wH

k HH
1

(
I− (Θdl

1 )HΘdl
1

)
H1wk

)
, (13)

and

Pris,2 =
K∑

k=1

tr
(
wH

k ĤH
2

(
I− (Θdl

2 )HΘdl
2

)
Ĥ2wk

)
. (14)

Regarding energy harvesting, we adopt a broadly used
non-linear model based on logistic functions [48], which is
modeled as

Ξ(x) =
δmax

X (1 + exp (−aeh (x− beh)))
− Y, (15)

where x denotes the received power, δmax represents the
maximum power harvested when the circuit reaches saturation,
aeh and beh are parameters specific to the circuit’s design. Fur-
thermore, X is defined as exp(aehbeh)

1+exp(aehbeh)
, and Y is calculated

as δmax

exp(aehbeh)
. Additionally, the inverse function of Ξ(x) is

defined by [47]

Ξ−1(x) = beh − 1

aeh
ln

(
δmax

(x+ Y )X
− 1

)
. (16)

By doing so, the harvested energy at RIS 1 and RIS 2 can
be expressed as

Eris,1 = (T − tc)Ξ(Pris,1), (17)

and
Eris,2 = (T − tc)Ξ(Pris,2), (18)

respectively. Given that the circuit power consumption for each
element in each RIS is denoted by µ, thus, the aggregate
power requirement for each RIS is expressed as Nµ [49].
Consequently, the harvested power for each RIS must be no
less than Nµ. Assuming that all harvested energy stored in
the energy reservoir is used to power the RIS circuits, the
following constraints are formulated.

TNµ ⩽ Eris,1, (19)
TNµ ⩽ Eris,2. (20)

It is important to note that the positions of the HAP, RIS 1,
and RIS 2 are usually deployed in advance, so G1 and G2

are typically predetermined in the deployment phase. As the
antenna noise power, is negligible compared to the harvesting

power [50], by neglecting the noise, the power of the received
signal at the kth ZED can be given by

Pk =
K∑
i=1

tr
(
wH

i Φkwi

)
, ∀k. (21)

The harvested energy at the k-th ZED is expressed by

Ek = (T − tc)Ξ(Pk), ∀k. (22)

C. Computation Offloading

1) Communication Model: In the second sub-block of
duration tc, ZEDs use the harvested energy to offload tasks to
the server at the HAP [30], [51], [52]. Furthermore, the time
required for the ZEDs to download the results is neglected
[30]. In the UL model, ZEDs utilize time division multiple
access (TDMA) technology for communication with the HAP
[39]. The transmission signal from the k-th ZED is expressed
as

xk =
√
pks

ul
k , ∀k, (23)

where sulk symbolizes the information signal transmitted by the
k-th ZED, and sulk ∼ CN (0, 1),∀k. Additionally, pk represents
the transmit power of the k-th ZED. Thus, the signal received
at the HAP can be mathematically represented as

y =
K∑

k=1

Ωul
k

√
pks

ul
k + na, (24)

where na ∼ CN
(
0, σ2

nIN
)
. Let vk ∈ CM×1 be the

beamforming vector for decoding the information signal sulk
transmitted by the k-th ZED. Then we have

SINRul
k =

pk

∣∣∣(Ωul
k

)H
vk

∣∣∣2
σ2
n ∥vk∥2

, ∀k. (25)

Consequently, the achievable offloading rate for the k-th ZED
is determined by

Rul
k (pk,vk,Θ

ul
r ) = B log2

(
1 +

pkv
H
k Ψkvk

σ2
nv

H
k vk

)
, ∀k, (26)

where B is the bandwidth.
2) Computing Model: In this model, the k-th edge ZED

offloads a fixed task ℓk to the HAP for processing via MEC.
For the computation offloading, the offloading time of the k-th
ZED is

toffk =
ℓk
Rul

k

,∀k. (27)

Since the computing time and the time required for the HAP
to transmit back the processed tasks can be quite small, we
assume that they are negligible [42]. Thus, we have

K∑
k=1

toffk ⩽ tc, (28)

should be satisfied. The offloading energy consumption at the
k-th ZED is given by

Eoff
k = pk

ℓk
Rul

k

,∀k. (29)
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As the harvested energy by the k-th ZED should cover the
energy consumption of UL communication, thus, we have

Eoff
k ⩽ Ek, ∀k. (30)

We assume that the energy consumption of the HAP-MEC
server follows a linear model [33], and can be given as

EMEC = ρ
K∑

k=1

ℓk, (31)

where ρ denotes the HAP’s energy consumption to process
each unit of workload.

III. PROBLEM FORMULATION AND ENERGY
MINIMIZATION DESIGN

In this section, an energy minimization problem is for-
mulated, including the energy consumed for transmitting the
energy signal and computing the workloads. Then, an iterative
solution is designed by applying a series of mathematical
methods.

A. Problem Formulation

We jointly optimize the DL energy beamforming matrix
at the HAP Wdl ≜ [w1, · · · ,wK ] ∈ CM×K and the UL
receive beamforming matrix V ≜ [v1, · · · ,vK ] ∈ CM×K at
the HAP, the energy reflection coefficient matrices for zeRISs
Θdl

r , r ∈ {1, 2}, the information reflection coefficient matrices
for zeRISs Θul

r , r ∈ {1, 2}, the transmit powers for the
ZEDs p ≜ {p1, · · · , pK}, and the time allocation tc. The
optimization problem can be formulated as follows:

min
tc,Wdl,V,Θdl

r ,p,Θul
r

K∑
k=1

((T−tc) ∥wk∥2+ ρℓk) (P1)

s.t. C1 :
∣∣∣βul/dl

r,n ejθ
ul/dl
r,n

∣∣∣ ⩽ 1, ∀n, r ∈ {1, 2} ,

C2 :
K∑

k=1

∥wk∥2 ≤ Pmax,

C3 : TNµ ⩽ Eris,r, r ∈ {1, 2} ,
C4 : Eoff

k ⩽ Ek, ∀k,

C5 :
K∑

k=1

toffk ⩽ tc,

C6 : pk ⩾ 0, ∀k,
C7 : tc ∈ (0, T ) .

In (P1), C1 is the unit-modulus constraint on the reflection
coefficients of the RISs in the DL and UL, respectively.
C3 means that the energy harvested by each RIS should
cover the corresponding circuit power consumption. Constraint
C4 implies that the energy harvested by each ZED should
cover the related circuit power consumption and computing
offloading power consumption, and C5 is the constraint on
the duration of UL task offloading.

Compared to using a single RIS, the existence of cascaded
zeRISs with dual-reflection links and a nonlinear harvesting
model makes problem (P1) a non-convex optimization chal-
lenge. In this scenario, the HAP beamforming, the reflection

coefficients of the zeRISs, the transmit powers for the ZEDs,
and the time allocation are strongly coupled. To address
these challenges, we use the AO method to decouple the
original problem into seven sub-problems. In each iteration,
while keeping other optimization variables fixed, we iteratively
optimize one variable until the value of the objective function
converges.

B. Problem Transformation

Firstly, by integrating (16) with (29), the original constraint
C4 is transformed as:

C8 :
K∑
i=1

tr (ΦkWi) ⩾ Ξ−1

 pk
ℓk
Rul

k

T − tc

 , ∀k,

where Wi = wiw
H
i ⪰ 0, and rank (Wi) = 1 should be

satisfied.
Further, by letting Vk = vkv

H
k ⪰ 0, and rank (Vk) = 1,

the initial problem (P1) can be reformulated as problem (P2)

min
tc,Wk,Vk,Θdl

r ,p,Θul
r

K∑
k=1

[(T − tc) tr(Wk) + ρℓk] (P2)

s.t. C1, C6− C8,

C9 :

K∑
k=1

tr(Wk) ≤ Pmax,

C10 : Wk ⪰ 0, rank (Wk) = 1, ∀k,
C11 : Vk ⪰ 0, rank (Vk) = 1, ∀k,

C12 :

K∑
k=1

tr
(
HH

1

(
I−(Θdl

1 )HΘdl
1

)
H1Wk

)
⩾Ξ−1

(
T

T − tc
Nµ

)
,

C13 :

K∑
k=1

tr
(
ĤH

2

(
I−(Θdl

2 )HΘdl
2

)
Ĥ2Wk

)
⩾Ξ−1

(
T

T − tc
Nµ

)
.

To solve Problem (P2), the AO method is adopted to solve
the variables in the UL phase and DL phase in an iterative
manner.

C. UL Computing Phase Optimization

In this subsection, we aim to optimize the computing phase
design, with a fixed tc, Wdl, and Θdl

r . By doing so, we
simplify Problem (P1) as

min
V,p,Θul

r

ρ
K∑

k=1

ℓk (P3)

s.t. C4− C6, C11,

C14 :
∣∣∣βul

r,ne
jθul

r,n

∣∣∣ ⩽ 1,∀n, r ∈ {1, 2} .

In this paper, a linear receive beamforming vector v∗
k ∈

CM×1 is deployed at the HAP [40]. We assume that the
HAP employs a Maximum Ratio Combining (MRC) strategy
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to decode the k-th ZED’s information, and the receiving
beamforming vector of the HAP is given as

v∗
k =

Ωul
k∥∥Ωul
k

∥∥ , ∀k. (32)

1) Optimizing the Information Reflection Coefficient Matri-
ces for zeRISs at UL Phase: Since the objective function in
problem (P3) is independent of the optimization variable Θul

r ,
we instead maximize Rul

k to ensure that related latency and
energy constraints can be well satisfied. This is equivalent to
maximizing the zeRIS-assisted UL channel gain from the k-
th ZED to the HAP by optimizing Θul

r . Therefore, given the
transmit power vector p, we solve the information reflection
coefficient matrices for zeRISs as follows:

max
Θul

r

∥∥Ωul
k

∥∥2 (P3.1)

s.t. C14.

By denoting H̄k ≜ [h̄k,1, · · · , h̄k,N ] = HH
1,2diag(h2,k). It

should be noted that∥∥Ωul
k

∥∥2 =
∥∥Υ ul

k θul
2 + ηul

k

∥∥2
= (Υ ul

k θul
2 + ηul

k )H(Υ ul
k θul

2 + ηul
k )

= (θul
2 )H(Υ ul

k )HΥ ul
k θul

2 + (θul
2 )H(Υ ul

k )Hηul
k

+ (ηul
k )HΥ ul

k θul
2 + (ηul

k )Hηul
k , (33)

where

Υ ul
k = HH

1

N∑
n=1

diag(h̄k,n)θ
ul
1,n +HH

2 diag(h2,k), (34)

ηul
k = HH

1 diag(h1,k)θ
ul
1 . (35)

Next, by introducing an auxiliary variable l such that Zul =

θ̄ul
2

(
θ̄ul
2

)H
, where θ̄ul

2 =
[
θul
2 , l
]T

, we have
∥∥Ωul

k

∥∥2 =

tr
(
Υ ul′
k Zul

)
+
∥∥ηul

k

∥∥2, where

Υ ul′
k =

[
(Υ ul

k )HΥ ul
k (ηul

k )HΥ ul
k

(Υ ul
k )Hηul

k 0

]
. (36)

Since Zul = θ̄ul
2

(
θ̄ul
2

)H
, the constraints of Zul ⪰ 0 and

rank
(
Zul
)

= 1 should be satisfied. Based on the above,
given the information reflection coefficient matrix Θul

1 , we
relax the rank-one constraint and subsequently reformulate the
sub-problem for the information reflection coefficient matrix
of zeRIS 2 during the UL transmission as follows

max
Zul

tr
(
Υ ul′
k Zul

)
+
∥∥ηul

k

∥∥2 (P3.1.1)

s.t. C15 : Zul ⪰ 0,

C16 : Zul
n,n ⩽ 1,∀n.

Let Uul
k =

∑N
n=1 H

H
2 diag(h̄k,n)θ

ul
2,n + HH

1 diag(h1,k),
and λul

k = HH
2 diag(h2,k)θ

ul
2 . Next, with the given Θul

2 ,
we then follow similar procedures with problem (P3.1.1) and
reformulate the sub-problem of the reflection coefficient matrix
for zeRIS 1 during UL as

max
Qul

tr
(
Uul′

k Qul
)
+
∥∥λul

k

∥∥2 (P3.1.2)

s.t. C17 : Qul ⪰ 0,

C18 : Qul
n,n ⩽ 1,∀n,

where

Uul′

k =

[
(Uul

k )HUul
k (λul

k )HUul
k

(Uul
k )Hλul

k 0

]
, (37)

Qul = θ̄ul
1

(
θ̄ul
1

)H
, and θ̄ul

1 =

[
θul
1

l

]
.

As such, the problem (P3.1.1) and (P3.1.2) are convex
SDP problems that can be addressed using the CVX toolbox
[53]. Then we employ the Gaussian randomization method to
construct a suboptimal rank-one solution, following a process
similar to [47], which is omitted here.

2) Design of the Transmit Powers for the ZEDs : Given Θul
1

and Θul
2 to problem (P3.1) and the receiving beamforming

vector of HAP v∗
k, Rul

k (pk,v
∗
k,Θ

ul∗
r ) only depends on the

transmit power pk. Then, the achievable offloading rate for
the k-th ZED is determined by

Rul
k = B log2

(
1 +

pk
∥∥Ωul∗

k

∥∥2
σ2
n

)
, ∀k. (38)

By substituting (27) into C4 and C5, the following constraints
can be obtained:

C19 : Rul
k Ek ⩾ pkℓk, ∀k,

C20 :
K∑

k=1

ℓk
Rul

k

⩽ tc.

Subsequently, we optimize pk by solving the sub-problem
(P3.2) :

find pk (P3.2)
s.t. C6, C19, C20.

Since all the constraints are convex, Problem (P3.2) is
a convex optimization problem, and it can be solved by
CVX [53]. Algorithm 1 summarizes the optimization of the
beamforming of the HAP, the reflection coefficient matrices
for zeRISs, and the transmit power allocation for the ZEDs
during UL.

D. DL Beamforming Optimization

Given the time allocation tc and the settings of p,Θul
r .

Consequently, the problem initially presented in (P1) can be
reformulated as problem (P4):

min
Wk,Θdl

r

K∑
k=1

(T − tc) tr(Wk), (P4)

s.t. C8− C10, C12, C13,

C21 :
∣∣∣βdl

r,ne
jθdl

r,n

∣∣∣ ⩽ 1, ∀n, r ∈ {1, 2} .

We note that the optimization problem (P4) remains non-
convex; due to the optimization variable Wk being coupled
with Θdl

r in constraints C8, C12, C13. Thus, we employ AO
and SDP techniques to iteratively optimize one of the two
variables while keeping the other fixed, as detailed below.
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Algorithm 1 AO Algorithm for Solving Problem (P3)

Input: Set {t0c ,W0
dl,Θ

dl,0
r }, B, N , M , K, µ, ℓk, ρ, conver-

gence threshold ϵ, and iteration index t=0.
1: Obtain the optimal UL receive beamforming matrix at the

HAP V∗ by (32).
2: repeat
3: Given {pt,Θul,t

1 }, obtain the suboptimal reflection co-
efficient matrix for zeRIS 2, Θul,t+1

2 by solving problem
(P3.1.1).

4: Given {pt,Θul,t+1
2 }, obtain the suboptimal reflection

coefficient matrix for zeRIS 1, Θul,t+1
1 by solving prob-

lem (P3.1.2).
5: Given {Θul,t+1

1 ,Θul,t+1
2 }, obtain the optimal transmit

power pt+1 by solving problem (P3.2) .
6: Update the iterative number t = t+ 1.
7: until Convergence.

Output: the HAP’s UL receive beamforming V∗, the trans-
mit powers of the ZEDs p∗, the information reflection
coefficient matrices for zeRISs Θul∗

r .

1) Optimization of Energy Beamforming at the HAP: Fixed
Θdl

r , the problem (P4) is transformed into the problem (P4.1),
which is given by

min
Wk

K∑
k=1

(T − tc) tr(Wk) (P4.1)

s.t. C8− C10, C12, C13.

By relaxing the rank-one constraint, Rank(Wk) ⩽ 1, the
problem (P4.1) is reformulated as an SDP problem and can be
solved by CVX [53]. In this paper, we employ the Gaussian
randomization technique to construct a suboptimal rank-one
solution, following the methodology outlined in [47].

2) Optimizing the Energy Reflection Coefficient Matrices
for the zeRISs at DL Phase: In the following, we jointly
optimize the two parameters: the reflection amplitudes and
the reflection coefficients of the RIS, as discussed in [47].
The optimal solution to problem (P4.1) is denoted by W∗.
Subsequently, we alternately solve for the reflection coefficient
matrices of zeRIS 2 and zeRIS 1. Given Θdl

1 , we solve the
energy reflection coefficient matrix for RIS 2 as follows:

find Θdl
2 (P4.2)

s.t. C8, C13,

C22 :
∣∣∣βdl

2,ne
jθdl

2,n

∣∣∣ ⩽ 1, ∀n,

The sub-problem remains non-convex due to the coupling of
variables in the constraints. To make it tractable, we set G

′

2,k=

diag(H̄2wkw
H
k H̄H

2 , 0), θ̄dl
2 = [θdl

2 , l], and Zdl =
(
θ̄dl
2

)H
θ̄dl
2 ,

thus, the constraints C13 can be rewritten as

C23 :
K∑

k=1

tr
(
G

′

2,k

)
−

K∑
k=1

tr
(
G

′

2,kZ
dl
)
⩾Ξ−1

(
T

T−tc
Nµ

)
,

To proceed, we let

D̄k ≜ [d̄k,1, · · · , d̄k,N ] = diag(hH
2,k)H1,2, (39)

qdl
k,i =

(
N∑

n=1

θdl1,ndiag(d̄k,n)H1 + diag(hH
2,k)H2

)
wi,

(40)

ηdlk,i = θdl
1 diag(hH

1,k)H1wi. (41)

We note that the left-hand side of constraint C8 can be
expressed as

tr (ΦkWi) =
∣∣θdl

2 qdl
k,i + ηdlk,i

∣∣2 , (42)

then we transform
∣∣∣θdl

2 qdl
k,i + ηdlk,i

∣∣∣2 as θ̄dl
2 Υ dl

k,i

(
θ̄dl
2

)H
+∣∣∣ηdlk,i∣∣∣2 , where θ̄dl

2 =
[
θdl
2 , l
]
,

Υ dl
k,i =

[
qdl
k,i(q

dl
k,i)

H qdl
k,i(η

dl
k,i)

H

ηdlk,i(q
dl
k,i)

H 0

]
. (43)

Since θ̄dl
2 Υ dl

k,i

(
θ̄dl
2

)H
= tr

(
Υ dl
k,i

(
θ̄dl
2

)H
θ̄dl
2

)
, we have

θ̄dl
2 Υ dl

k,i

(
θ̄dl
2

)H
= tr

(
Υ dl
k,iZ

dl
)
. Based on the above, the

constraints C8 in problem (P4.2) can be rewritten as

C24 :

K∑
i=1

tr
(
Υ dl
k,iZ

dl
)
+

K∑
i=1

∣∣ηdlk,i∣∣2
⩾ Ξ−1

 pk
ℓk
Rul

k

(T − tc)

 , ∀k.

Furthermore, due to Zdl =
(
θ̄dl
2

)H
θ̄dl
2 , the constraints of

Zdl ⪰ 0 and rank
(
Zdl
)
= 1 should be satisfied. By relaxing

the rank-one constraint, we solve the reflection coefficient
matrix of zeRIS 2 as follows

find Zdl (P4.3)
s.t. C23, C24,

C25 : Zdl ⪰ 0,

C26 : Zdl
n,n ⩽ 1, ∀n.

Next, with the given Θdl
2 , the energy reflection coefficient

matrix for zeRIS 1 can be derived by

find Θdl
1 (P4.4)

s.t. C8, C12,

C27 :
∣∣∣βdl

1,ne
jθdl

1,n

∣∣∣ ⩽ 1,∀n.

The sub-problem remains non-convex due to variable cou-
pling in the constraints. To solve this, we adopt a sim-
ilar approach as in (P4.2)-(P4.3) and first set R

′

1,k =

diag(H1wkw
H
k HH

1 , 0), θ̄dl
1 =

[
θdl
1 , l
]
, and Qdl =(

θ̄dl
1

)H
θ̄dl
1 , thus, the constraints C13 can be rewritten as

C28 :
K∑

k=1

tr
(
R

′

1,k

)
−

K∑
k=1

tr
(
R

′

1,kQ
dl
)
⩾Ξ−1

(
T

T − tc
Nµ

)
.

Similarly, by denoting

udl
k,i =

(
N∑

n=1

θdl2,ndiag(d̄k,n)H1 + diag(hH
1,k)H1

)
wi, (44)
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λdl
k,i = θdl

2 diag(hH
2,k)H2wi. (45)

The left-hand side of C8 can be expressed as

tr (ΦkWi) =
∣∣θdl

1 udl
k,i + λdl

k,i

∣∣2 , (46)

then we transform
∣∣∣θdl

1 udl
k,i + λdl

k,i

∣∣∣2 as θ̄dl
1 Udl

k,i

(
θ̄dl
1

)H
+∣∣∣λdl

k,i

∣∣∣2 , where

Udl
k,i =

[
udl
k,i(u

dl
k,i)

H udl
k,i(λ

dl
k,i)

H

λdl
k,i(u

dl
k,i)

H 0

]
. (47)

Thus, the constraints C8 in problem (P4.4) can be rewritten
as

C29 :
K∑
i=1

tr
(
Udl

k,iQ
dl
)
+

K∑
i=1

∣∣λdl
k,i

∣∣2
⩾Ξ−1

 pk
ℓk
Rul

k

(T − tc)

 , ∀k.

Therefore, the subproblem concerning the reflection coef-
ficient matrix for zeRIS 1 is subsequently reformulated as
follows:

find Qdl (P4.5)
s.t. C28, C29,

C30 : Qdl ⪰ 0,

C31 : Qdl
n,n ⩽ 1, ∀n.

By doing so, the problems (P4.3) and (P4.5) are SDP
problems, which can be solved by utilizing the CVX toolbox
[53]. Then, a Gaussian randomization method is applied to
construct a suboptimal solution that satisfies the rank-one
constraint. The process details are similar to those in [47]
and are thus omitted for brevity. Therefore, the beamforming
design at the HAP and the optimization of the zeRIS reflection
coefficient matrices for the DL are presented in Algorithm 2.

Algorithm 2 The Solution for Problem (P4)

Input: Set {t0c ,p0,Θul,0
r }, V∗, B, N , M , K, µ, ℓk, ρ,

convergence threshold ϵ, and iteration index t = 0.
1: repeat
2: Given {Θdl,t

1 ,Θdl,t
2 }, obtain Wt+1

k by solving problem
(P4.1).

3: Given {Θdl,t
1 ,Wt+1

k }, obtain the energy reflection coef-
ficient matrix for zeRIS 2, Θdl,t+1

2 by solving problem
(P4.3) and problem (P4.5).

4: Given {Θdl,t+1
2 ,Wt+1

k }, obtain the energy reflection
coefficient matrix for zeRIS 1, Θdl,t+1

1 by solving
problem (P4.5).

5: Update the iterative number t = t+ 1.
6: until Convergence.

Output: the HAP’s DL transmit beamforming W∗
dl and the

energy reflection coefficient matrices of the zeRISs Θdl∗
r .

E. Time Allocation

For this sub-problem, with the given the beamforming
of HAP Wdl, p and the reflection coefficient matrices of
the zeRISs Θdl

r ,Θul
r . Problem (P2) can be reformulated as

problem (P5) as follows

min
tc

K∑
k=1

[(T − tc) tr(Wk) + ρℓk] (P5)

s.t. C5, C7,

C32 : tc ⩽ T − TNµ

Ξ(Pris,r)
, r ∈ {1, 2} ,

C33 : tc ⩽ T −
Eoff

k

Ξ(Pk)
, ∀k.

where Constraints C32 and C33 are reformulated based on
constraints C3 and C4 in the original problem (P1).

As the objective function decreases monotonically with
respect to tc, tc is maximized only when at least one equality
holds is met, expressed as follows:

t∗c = min

(
T −

Eoff
k

Ξ(Pk)
, T − TNµ

Ξ(Pris,r)

)
. (48)

F. The Overall Optimization Algorithm in zeRIS-Aided WP-
MEC

Algorithm 3 details the proposed method, which iteratively
updates the RIS reflection coefficient matrices, HAP beam-
forming, and optimizes transmit power and time allocation
until the change in successive objective values falls below
a predefined threshold. The following section presents the
analysis of convergence and computational complexity for
Algorithm 3.

Algorithm 3 The Overall Optimization Algorithm in zeRIS-
Aided WP-MEC
Input: T , Set {t0c ,p0,W0

dl,Θ
ul,0
r ,Θdl,0

r }, B, N , M , K, µ,
ℓk, ρ, convergence threshold ϵ, and iteration index t=0.

1: repeat
2: Given {ttc,Θdl,t

r , Wt
dl}, obtain the HAP’s UL receive

beamforming matrix Vt+1, the UL information reflection
coefficient matrices for all zeRISs Θul,t+1

r ,∀r, and the
transmit power allocation for the ZEDs pt+1 following
the steps in Algorithm 1.

3: Given {ttc,Θul,t
r , pt+1}, obtain the HAP’s DL transmit

beamforming matrix Wt+1
k , and the energy reflection

coefficients for all zeRISs Θdl,t+1
r ,∀r, following the steps

in Algorithm 2.
4: Obtain tt+1

c according to the problem (P5).
5: Update the iterative number t = t+ 1.
6: until Convergence.

Output: V∗, p∗, Θul∗
r , W∗

dl, Θ
dl∗
r , t∗c .

G. The Analysis of Convergence and Computational Complex-
ity

1) Computational Complexity Analysis: Computational
complexity of Algorithm 1 is predominantly influenced by
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TABLE II: Simulation Parameters

Description Parameter and Value
System model M = 6, N = 200

K = 4, T = 1 s
µ = 1 µW

Energy harvesting model beh = 0.24
aeh = 150
δmax = 75 mW
Pmax = 50 dBm

Communication model B = 1 MHz
σ2 = −174 dBm

Computing model [33] ρ = 5× 10−8 Joule/bit
ℓk = 20 Kbit

Convergence criterion ϵ = 0.0001

the iterative resolution of the problem (P3.1.1), the problem
(P3.1.2), and the problem (P3.2). The process of resolving
both problems denoted as (P3.1.1) and (P3.1.2) entails a com-
putational complexity quantified by O

(
K(N + 1)3.5

)
. The

computational complexity of solving problem (P3.2) is O (K).
Therefore, the computational complexity of Algorithm 1 is
O
(
KN3.5 + 2K(N + 1)3.5

)
. The complexity of Algorithm

2 is primarily governed by the iterative resolution of the SDP
problem (P4.1), (P4.2) and problem (P4.5). In each iteration,
the problem denoted as (P4.1) is solved employing the interior
point method, as referenced in [53]. This approach results
in a computational complexity characterized by O

(
KN3.5

)
.

Similarly, the computational complexity of Algorithm 2 is
O
(
KN3.5 + 2K(N + 1)3.5

)
. In conclusion, let t represent

the number of iterations required for the proposed algorithm
to converge. The computational complexity of Algorithm 3 is
expressed as O

(
t
(
2KN3.5 +K + 4K(N + 1)3.5

))
.

2) Convergence Analysis: The proof of the convergence
of the proposed Algorithm 3 in zeRIS-empowered WP-
MEC is outlined in the following discussion. We define
ttc,W

t
dl,V

t,Θdl,t
r ,pt,Θul,t

r as the t-th iteration solution of
the problem (P4), (P3), and (P5). The objective function is
expressed by E

(
ttc,W

t
dl,V

t,Θdl,t
r ,pt,Θul,t

r

)
E
(
ttc,W

t
dl,V

t,Θdl,t
r ,pt,Θul,t

r

)
(49)

(a)

≥ E
(
ttc,W

t
dl,V

t+1,Θul,t+1
r ,pt,Θdl,t

r

)
(50)

(b)

≥ E
(
ttc,W

t+1
dl ,Vt+1,Θul,t+1

r ,pt+1,Θdl,t+1
r

)
(51)

(c)

≥ E
(
tt+1
c ,Wt+1

dl ,Vt+1,Θdl,t+1
r ,pt+1,Θul,t+1

r

)
, (52)

where (a)-(c) hold due to the update of Algorithm 1-Algorithm
3. The objective function demonstrates a monotonically de-
creasing behavior across successive iterations of Algorithm
3. Concurrently, the objective function value of the problem
(P1) has a lower bound, thereby ensuring the convergence of
Algorithm 3.

IV. NUMERICAL RESULTS

In this section, we provide numerical results and simulations
to rigorously evaluate the efficacy of the proposed AO-based
algorithm. The positions of the HAP, the RIS 1, and RIS
2 are (0, 0), (5, 1), and (15, 1), respectively, while ZEDs
are independently and uniformly distributed in a circular
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25

Fig. 3: Analysis of convergence in the proposed beamforming
design algorithm

area centered at (20, 0) with radius 1m. Unless otherwise
stated, we deploy RIS 1 and RIS 2 near the HAP and the
ZEDs, respectively. The large-scale path loss is modeled as
−30 − 10α log10(d) dB, where α is the path loss exponent
and d is the link distance. Specifically, α is set to 2.2 for
the ZEDs cluster/HAP to nearby RIS link due to the short
distance, and 3 for other longer-distance links, and the Rician
factor is uniformly set to 3 dB. Table II presents the other
system parameters unless otherwise specified. We illustrate
the energy consumption performance through a comparative
analysis of the proposed scheme (marked with “Proposed”)
and two benchmarks. For fair comparison, the total elements
of RIS are 2 N . Our aim is to fully demonstrate the significant
performance advantages of the proposed algorithm in the
context of double zeRIS-assisted WP-MEC, thus we plot the
following:

• Single RIS near HAP: a single RIS with random reflection
coefficients, and RIS is located at (5, 1) [47].

• Random RIS reflection coefficients: Deploy two RISs
with random reflection coefficients.

• Distributed two zeRISs: a scenario where two zeRISs are
deployed without considering cascaded links.

• Proposed with µ = 5 µW: the proposed cascaded system
with µ = 5 µW.

• Proposed: the proposed cascaded system with µ = 1 µW.
Fig. 3 shows the convergence performance of the proposed

algorithm in a zeRIS-assisted WP-MEC system. The data
presented in Fig. 3 depicts the decrease in HAP transmission
energy with increasing iterations under different RIS reflection
elements. We observe the proposed algorithm’s rapid and
stable convergence trend. This fact validates the algorithmic
design’s efficacy in zeRIS-assisted WP-MEC systems.

Fig.4 shows the total energy consumption versus the number
of HAP antennas M , indicating that HAP transmission energy
decreases as the number of antennas increases across different
benchmarks. This trend is attributed to the increased spatial
diversity gain associated with HAPs equipped with more
antennas, thereby reducing the need for transmission energy.
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Fig. 5: The HAP energy consumption versus 2 N .

Moreover, by comparing with the “Distributed two zeRISs”
benchmark, it can be seen that the cascaded links between
two zeRISs can further reduce the AP transmit power. Notably,
when compared to systems with the same number of antennas,
our algorithm outperforms other benchmarks, demonstrating
the effectiveness of the zeRIS-assisted WP-MEC system and
emphasizing the importance of strategic optimization in such
systems.

Fig. 5 shows the energy consumption of the HAP decreases
as the number of RIS elements N increases. Moreover, the per-
formance of the proposed system under varying values of µ is
also better than different benchmarks. Significantly, compared
to single RIS-assisted WP-MEC, two-RIS-assisted WP-MEC
requires fewer components to achieve the same target received
power. This finding shows that the addition of RIS can help
the WP-MEC system reduce energy consumption.

Fig. 6 shows the energy consumption of HAP versus the
number of ZEDs for the comparison between the double-
and single-RIS assisted WP-MEC systems. It can be observed
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Fig. 6: The HAP energy consumption versus K.
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Fig. 7: The HAP energy consumption versus tc.

from this figure that as the number of ZEDs within the HAP
coverage area increases, the required transmission energy also
rises. This is due to the HAP supplying more energy to
meet the growing energy harvesting demands and computing
workloads of additional ZEDs. Notably, for the same number
of ZEDs, the proposed algorithm consistently outperforms the
two benchmarks. Despite the rise in energy consumption at-
tributed to the growing number of ZEDs, we observed that the
“Proposed” solution showed the slowest energy consumption
growth trend. This finding highlights the potential of zeRISs
to balance energy efficiency and communication performance.

From the results obtained in Fig. 7, we can see that as the
period tc is extended, the overall energy consumption of the
system is significantly reduced. This is because as tc increases,
T − tc decreases accordingly, allowing the HAP to meet
the ZEDs’ energy demands for task offloading in a shorter
time. Thus, as tc grows, the overall energy consumption of
the system can be further reduced. While selecting a larger
tc appears advantageous, it may also result in a substantial
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Fig. 8: The energy harvested by the ZEDs versus the position
of RIS 2.

increase in UL power consumption. Therefore, as a trade-off,
we recommend a maximum value of tc of 0.9 for applications
specific to the default settings [33].

Fig. 8 shows that the impact of RIS 2’s location on the
energy harvested by the ZED. The position of RIS 2 changes
from 7m to 15m with a step size of 2m. It can be observed
that the energy harvested via the link HAP→RIS 1→RIS
2→k-th ZED is significantly higher than other single reflection
links due to the passive beamforming gains between the two
zeRISs. Moreover, the energy harvested by ZED initially
increases and then decreases as RIS 2 moves away from the
HAP, following the links HAP→RIS 1→RIS 2→k-th ZED
and HAP→RIS 2→k-th ZED. This is because when RIS 2
is closer to both the HAP and RIS 1, the path loss of the
signal before reaching RIS 2 is reduced, leading to lower
energy consumption by the HAP. As the distance between
RIS 2 and the HAP increases, the path loss for both H2 and
H1,2 rises, requiring the HAP to increase its energy output to
maintain sufficient signal strength at the ZEDs. Conversely, as
RIS 2 moves closer to the ZEDs, it can more efficiently reflect
the HAP signal towards the ZEDs, improving signal coverage
and further reducing the HAP’s energy consumption. These
observations demonstrate the advantage of the proposed WP-
MEC framework supported by two zeRISs, for zero-energy
MEC networks.

V. CONCLUSION

This paper presented an energy minimization framework
for WP-MEC networks supported by two zeRISs to enhance
coverage, energy harvesting, and task offloading. During the
energy harvesting period, ZEDs and two zeRISs harvested
energy by using a nonlinear energy harvesting model to
maintain self-sustainability. Then, an energy minimization
algorithm was designed to optimize the key system param-
eters, including time allocation, HAP energy beamforming,
and reflection coefficients for zeRISs, through mathematical

solutions. The numerical results showed that the proposed
algorithm significantly outperforms existing benchmarks. The
use of two RISs saves at least 69% of the energy consumption
compared to a single RIS. Future work will focus on adapting
the algorithms to practical RIS hardware constraints, such as
discrete phase shifts.
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